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A Types of Social Capital in Relation to Conflict

Certain types of social capital are useful in some situations and detrimental in others. Putnam (2000) draws

the following distinction:

Of all the dimensions along which forms of social capital vary, perhaps the most important is

the distinction between bridging (or inclusive) and bonding (or exclusive). Some forms of social

capital are, by choice or necessity, inward looking and tend to reinforce exclusive identities and

homogeneous groups. Examples of bonding social capital include ethnic fraternal organizations,

church-based women’s reading groups, and fashionable country clubs. Other networks are out-

ward looking and encompass people across diverse social cleavages. Examples of bridging social

capital include the civil rights movement, many youth service groups, and ecumenical religious

organizations (Putnam 2000, 25).

Bridging, we might suppose, would defuse conflict, while bonding could escalate it. However, when it

comes to measurement, things are not so simple. Putnam himself admits that, at the time of his writing,

no national data existed that could distinguish between bonding and bridging capital over time in American

society (Putnam 2000, 26). Satyanath, Voigtländer and Voth (2017) do find such data for Germany during

the pre-Nazi Weimar Republic, however. The results are not encouraging. Not only were communities with

greater participation in civic groups quicker to support the Nazi party, but whether these groups were of

a bonding or bridging nature made no difference; both bonding and bridging capital predicted support for

the Nazis. How can this be? The reason, I speculate, stems from Putnam (2000)’s broad definition of what

exactly is being bridged:

Many groups simultaneously bond along some social dimensions and bridge across others. The

black church, for example, brings together people of the same race and religion across class lines.

The Knights of Columbus was created to bridge cleavages among different ethnic communities

while bonding along religious and gender lines. Internet chat groups may bridge across geography,

gender, age, and religion, while being tightly homogeneous in education and ideology. In short,

bonding and bridging are not “either-or” categories into which social networks can be neatly

divided, but “more or less” dimensions along which we can compare different forms of social

capital. (Putnam 2000, 26).

Herein lies the problem: Satyanath, Voigtländer and Voth (2017, Appendix B) measure bridging

capital using athletic associations, music and singing groups, chess clubs, animal breeding societies, volunteer

organizations such as the Odd Fellows, and youth clubs. These make sense on one level, because unlike the
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Figure 11: Bonding, bridging, and cross-group social capital. The last of these captures the dimension of social
capital that is most likely to be relevant to cross-group assistance.

exclusive gentleman’s clubs, fraternal orders, and high society organizations limited to the landed gentry,

they were open to all and would, therefore, appear to bridge existing divides. But what divides? Just

because an organization brings together people across class or gender divides does not mean it is actually

affecting a cleavage that is politically salient. Did the social capital from these organizations actually bridge

Aryan–Jewish relations? Despite increasing integration into German life, particularly in cities, Jews in

1920s Germany had their own athletic, musical, and volunteer organizations. Brenner (1996, 47) reports

that approximately 30% of young Jews belonged to a Jewish youth group in the 1920s, due in part to

discrimination from mainstream German organizations. Even in the more secular and cosmopolitan urban

areas, Jews set up their own libraries, newspapers, and schools (54). Thus, the organizations Satyanath,

Voigtländer and Voth (2017) use as a measure of bridging capital did not necessarily include many Jews.

In fact, Satyanath, Voigtländer and Voth (2017) report that Jews made up on average a mere 0.8% of the

population in the areas they studied.14

This is not to say that Satyanath, Voigtländer and Voth have abused Putnam’s term. On the contrary,

organizations that bring together chess players or dog lovers are certain to be helping people form ties across

some sort of clusters, be they regional, class-based, or gender. But that’s not what was relevant to stopping

the rise of the Nazis. Instead, these groups appear to have encouraged the Nazis rise to power by cultivating

a desire to join in mass movements.

Figure 11 illustrates the distinction. A1 is so embedded in the other group’s cluster that it would be

absurd to refer to his ties with that group as bridging. If anything, it’s his tie to his own group via A2 that

is bridging. As far as the network is concerned, there are two clusters, and the individuals that lie on the
14The lack of Jews in German civic groups does not undermine the authors’ claims, however. The puzzle they seek to address

is why, if civil society is so crucial to a vibrant democracy, did Germany’s abundance of social capital pave the way for a
dictatorship. The authors do not take a stand on how civil society ought to have affected Aryan-Jewish relations.

53



bridge between them—B1 and B2—should be regarded as having high bridging social capital. A1 and A2

have both bonding social capital due to high centrality within their clusters and bridging social capital due to

their positions at the ends of a bridge. The other individuals in their clusters have primarily bonding social

capital, and less of it. Granted, in Putnam’s definition, bonding and bridging are not mutually exclusive.

On closer inspection, the As appear to have as much bridging social capital as the Bs since removing either

an A or a B would break the chain and prevent the flow of information, goods, or support from one cluster

to the other. So clearly it is possible, as in the case of the As, to acquire high bonding social capital without

sacrificing any bridging social capital. The problem with Putnam’s definitions for our purposes is that they

conflate “cluster” with “group.” Groups can primarily be found in separate clusters but not entirely. Bridging

social capital, while it may have other benefits, is only effective at diminishing conflict to the extent that

it is a proxy for cross-group social capital. Therefore, it is best to leave bridging and bonding as features

determined by the way clusters and bridges in a network are configured and instead focus on cross-group

social capital, since it is determined by the group identities we’re interested in.

B Survey Methodology and Biases

Site selection was determined through a multi-stage random sampling strategy, stratified by population, local

ethnic majority, and urban/rural location according to data from the 2013 Bosnian Census. Households were

then selected by random walk procedure and a single respondent chosen in each household using the last

birthday method. Potential respondents were asked if they would be willing to take part in “research about

friends and neighbors in Bosnia” and “what these relationships where like in Yugoslav times and how they

have changed since.” They were handed a small gift (coffee packet or mobile credit), which they were informed

they could keep whether or not they participated. Of those who could be located after multiple attempts and

were eligible, 75% consented to participate, which Prism Research reports is typical regardless of research

topic. Only one participant is reported to have broken off the survey once it had begun. Thus, self-selection

does not appear to be a major concern. When respondents reached the middle of the survey, they were

informed that the next battery of questions would discuss “how friends and neighbors acted during the war”

and reminded that they could skip a question if they chose. Survey enumerators were themselves Bosnian,

generally from the same region and ethnic group as the respondents they were sampling. All had worked on

prior surveys for Prism Research and underwent training specific to this survey and had their work checked

by supervisors. The survey was conducted orally in the local language, assisted by tablets or smartphones.

Survey questions were tested extensively with local respondents before the pilot stage and independently

back-translated into English to ensure translation accuracy. Survey modules included prewar life and social
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ties, wartime assistance and victimization, present-day attitudes, two survey experiments on willingness to

provide assistance, and the short form of the Big Five Inventory (BFI) personality test. Aside from questions

in which respondents were asked to supply names of contacts, all questions were close-ended and enumerators

were instructed to read out all of the response options on most questions.

The distribution of ethnicities in the sample reasonably matches the distribution of ethnicities in the

1991 census: 35% Serbs (31% in 1991), 13% Croats (17% in 1991), and 51% Muslim (43% in 1991). The

discrepancy in the number of Muslims can be accounted for by respondents who chose the Yugoslav category

on the 1991 census, but today identify as Muslim. In 1991, 6% of Bosnians identified as Yugoslav, whereas

in the 2013 census less than 1% did, a drop of over 5 percentage points. The proportion of self-identified

Muslims, meanwhile, has climbed 8 percentage points while the proportion of Serbs and Croats has dropped

slightly by 0.5 and 1.9 percentage points, respectively. Obviously, outmigration has impacted all three groups,

and the gains in the Muslim share of the population are, in part, due to higher birth rates. Nevertheless,

given the intense nationalism sweeping the Croat and Serb communities in 1991, in contrast to emphasis in

the Muslim community on preserving a multiethnic Yugoslavia, it seems likely the vast majority of those

self-identified Yugoslavs later chose to identify as Muslim in the 2013 census and this survey.15 The gender

ratio is reasonably accurate (47/53 in the sample, 49.9/50.1 in the 1991 census). The age structure reflects,

as one might expect, the die-off of the older generation. The oldest person in the sample was 52 in 1991,

whereas 16.4% of the population in the 1991 census were age 55 or older. Nevertheless, two important

features of the census do show up in the sample: a severe dip in the number of individuals born during

WWII, and a baby boom for those born 1955–1965. Thus, we have reasonable evidence to suggest that

Prism Research was successful in capturing a representative sample of those Bosnians still alive and living

in the country who were old enough to have social ties at the start of the war (respondents had to have been

living in Bosnia at the start of the war and at least 7-years-old at the time to be eligible). In Section 5.2,

I show that several important indicators of cross-group network density closely match their distributions in

the census.

Despite the rigor with which this survey was conducted, results should still be interpreted with caution

and in conjunction with other sources. When conducting research 24 years after a war, certain sampling

and reporting biases are unavoidable. First, the respondent pools will have been disproportionately young

at the time of the war as discussed earlier. Children usually assist others, but young adults might do so

disproportionately, so it is unclear which way the bias goes. Second, individuals who were killed may have

faced lower rates of assistance. However, given that only 2.2% of the population was killed in the war (Toal

and Dahlman 2011, 136), the potential for bias is small. Third, the survey excludes Bosnians living abroad.
15Other Yugoslavs may have reclassified themselves as “other” (ostali), a response which grew from 1.5% to 3%.
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Over a million refugees are estimated to have fled Bosnia during the war out of a pre-war population of 4.4

million. Of those, about 400,000 had returned by 2004 (United Nations High Commissioner for Refugees

2004; Valenta and Strabac 2013), but others continued to depart, seeking better economic opportunities in

the European Union. Finally, respondents are likely to better remember events which are more recent or

salient to them, and their reflections on prewar life are bound to be filtered through what happened to them

during the war and the evolution of their worldview since. While such biases are to an extent unavoidable, the

Prism Research team and I endeavored to minimize them through careful crafting of question wording and

ordering. For instance, in order to facilitate recall of prewar social ties, specific loci of friendship formation

are provided such as neighborhood, school, and workplace. No mention of the war or ethnicity is made until

after these names have been elicited to avoid respondents attempting to satisfy the desires of the survey-

taker by deliberately naming a member of each ethnic group (a problem which frequently arose during my

qualitative interviews). Types of assistance are carefully delineated to avoid differences in definition of such

vague terms as “help” or “rescue” and in order to prompt memories of specific forms of aid. For questions

where phrasing seemed particularly likely to influence answers, two or three different versions were randomly

assigned to different participants during the pilot wave in order to assess the sensitivity to wording in the

responses.

While it is impossible to go back in time and fully reconstruct prewar network and wartime behavior

of a war that took place 24 years ago, this survey represents a near-optimal attempt to capture what data

remains in the minds of its survivors in a systematic and statistically-meaningful way. Though we would

be hard-pressed to draw strongly convincing causal inferences from this data, quantifying the frequency

of different types of assistance and their correlation to various network factors is an important first step.

Through sensitivity analysis and an honest assessment of the direction and magnitude of the bias in each

question, I aim to produce ballpark estimates that can serve as an informative prior for future studies of

cross-group assistance in other political conflicts.

As show in Figure 12 reports of giving assistance (27% [19, 37]) far outstrip reports of having received

assistance (15% [9, 24]). This gap persists and remains statistically significant even after we break down

assistance by type as shown. In all three cases, respondents are about twice as likely to report giving than

receiving assistance. There are at least four sets of explanations: a) respondents overstate being helpers, b)

respondents understate being recipients, c) helpers are overrepresented and recipients underrepresented in

the sample, and d) there were simply more helpers than recipients to begin with. Although I cannot entirely

rule out the first possibility, it does not fit with my experiences seeking out helpers for interviews. Like other

scholars discussed below, I generally encountered a reluctance to admit to having helped “the enemy” for

fear of reprisals from ingroup neighbors or political actors. Thus, socially desirable effects, though possible,
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Frequency of Cross-Ethnic Assistance

Figure 12: Note that many respondents reported both giving and receiving. Some of those who gave or received
provisions also gave or received other types of assistance.

seem at least as likely to depress reports of help-giving as to inflate them. The second explanation—under-

reporting by recipients—could occur if recipients are bitter about the war and reluctant to give credit to

the other side for something positive. If true, this would imply the true frequency of cross-group assistance

is closer to the higher number reported by the helpers. It seems unlikely recipients would be more likely

than helpers to forget an act of help. While it’s possible that recipients received many acts of help and

only remember the most salient ones, that bias cannot explain this gap since all the questions were posed in

binary format. The third explanation, underrepresentation of recipients, seems quite plausible. Recipients

generally hail from the group under threat in their locale and, therefore, should be more likely to die in

the war or emigrate and not return compared to helpers. In fact, many of the stories told by both helpers

and recipients in the interviews I examine culminate in the recipient gaining refuge in another country.

This set of explanations, like the second set, would mean that the true count is closer to that reported

by the helpers. Finally, according to the logic of the fourth explanation, it is entirely possible that both

helpers’ and recipients’ estimates are reasonably accurate. A persecuted person may require many acts of

help from different individuals in order to get through the war, and indeed, we see a number of such reports

in the interview testimony. Alternatively, a single act of assistance may require more than one helper to be

logistically feasible. Networks provide a useful way to think about this. If the recipient and helper are put

in touch through one or more intermediaries, each intermediary can in turn consider themselves a helper.

Likewise, if the recruitment mechanism is in play, we should expect helpers to recruit multiple assistants.
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While, in some cases, entire families might benefit from a single act of help, it is also possible for assistance

provision to be a family activity, particularly in the case of shelter, since everyone in a house where a

recipient is staying can claim to be providing help. Therefore, of the four sets of explanations, the three that

seem most plausible each suggest that the self-reported frequency of helpers, rather than recipients, is more

reflective of overall levels of help in the population.

How sensitive are these results to death and outmigration? According to the Book of the Dead, about

2.2% of the Bosnian population died during the war. Soldiers were far more likely to die than civilians;

about 60% of the deaths caused by the war, including indirect casualties, were among members of an armed

group, irrespective of combatant status at the time of death, yet members of armed groups made up far less

than half the population. In our sample, however, respondents who reported being in an armed group during

the war had a 53% ([38, 84]) chance of reporting assistance, while civilians had a 23% chance ([14, 35]).16

Thus, if anything, the disproportionate loss of soldiers during the war should lead to an undercount of acts

of assistance, not an overcount.17 Likewise, men were about nine times more likely to die in the war than

women, yet their reported rates of assistance (32% for men, 28% for women) do not differ substantially,

nor is the small gap statistically meaningful. Thus, unless men were much less likely to give or receive help

in the first place, it does not seem likely that wartime fatalities would result in overestimates of wartime

assistance.18

Sources disagree as to how many Bosnians left the country during and after the war and how many

have since returned. Drawing on figures from the statistical agencies and embassies of the receiving countries,

the Bosnian Ministry of Human Rights and Refugees estimated there were at least 2 million Bosnians living

abroad in 2017, compared to 3.35 million in country (Kovacevic 2017). One cannot say for certain that

nearly 60% of the wartime population left the country and never returned, however, both these figures

include people born after the war. Most likely the percentage is lower, since the predominant migration

trend in recent years has been for young people, many born after the war, to leave the country looking for

work. The World Bank also in 2017 estimated 43% of the population lived abroad, though since Bosnians

intermarry with people in the countries they migrated to, it becomes difficult to define what exactly the

reference population is with regards to the next generation (Kovacevic 2017). Between 2000 and 2018, the
16Due to the small sample size, I pool combatants, non-combatant armed group members, and non-members who helped an

armed group into the “armed group” category. The gap between civilians and combatants is slightly smaller if the last of these
three types is pooled with civilians, but not substantially.

17Assuming that receiving help was not substantially more likely to be live-saving for soldiers than civilians.
18While it may seem plausible that women were more likely to provide help, bear in mind that men were more likely to be in

mortal peril. Even among civilians, men were three times more likely to die, in part because the enemy soldiers often assumed
they were—or were capable of becoming—combatants. Therefore, it seems likely there were far more opportunities for men to
become recipients of help, at least judging from fatality rates. That said, without reliable figures on the rates of wartime sexual
violence, it is difficult to fully compare the frequency with which women and men were in danger (Cohen 2013) and, thus, may
have needed assistance.
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Bosnian mortality rate hovered between 0.8% and 1.0% per year (CIA World Factbook 2018). Thus, in the

17 years between the start of the war and the survey, we would expect approximately 15% of the population

to have died (ignoring compounding effects and differential risk across age groups). As a back-of-the-envelope

calculation, if we assume around 60% of Bosnians have either permanently emigrated or passed away since

the start of the war, then the rate of assistance could be as little as half of what was reported. This assumes,

however, that none of the individuals who died or left were involved in acts of assistance. In my survey,

I asked respondents if they had ever lived abroad during or after the war. Rates were virtually identical

for the 15 respondents who had returned from abroad compared to the 85 who had never left (33% versus

29%). While returnees are not necessarily representative of those who stayed abroad with regards to wartime

assistance, these figures do suggest that there may not be much of a gap. With regards to postwar die-off

of the older generation, I lack a large enough sample to re-weight estimates by age. However, if we compare

the 11 people in the sample over the age 65 at the time the survey was administered to the 89 younger

individuals, we see that older respondents were substantially more likely to report assistance (a �2 test gives

a p-value of ⇡ 0.026). This finding remains statistically significant for cutoffs of age 60, 55, and 50 as well.

Thus, the lack of older people in the sample seems more likely to be causing underestimates of help than

overestimates. Granted, the oldest respondent sampled was 52 at the time of the war and 79 at the time of

the survey. Those who were elderly at the time of the war may have been less physically capable or found

themselves with fewer opportunities to provide assistance. However, only 16% of the population in 1991

was 55 and older, so the impact on the overall rate of assistance cannot be too substantial. Furthermore,

in Broz (2004) and Mertus et al. (1997)’s interviews conducted during or shortly after the war, we see no

shortage of older people involved in assistance, either as interviewees or people mentioned in their accounts.

The same holds true for the interviews in RDC (2010) conducted in 2007-9 (compiled from earlier testimony

and accounts) and my own fieldwork.

C Interview Procedures

My interview procedures, as well as the aforementioned survey, were vetted and approved by the North-

eastern University Internal Review Board (IRB #18-08-17). Most interviews took place in a café or in the

interviewee’s living room and lasted 60-90 minutes. In keeping with traditional hospitality customs, inter-

viewees would often insist on paying for our drinks if we went out or providing us with drinks and sweets

if we were at their home. At other times, I would buy their drinks, and when visiting a home, I almost

always brought a coffee packet as a gift. I would begin each interview by introducing myself in the local
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language,19 obtaining informed consent, and explaining in broad terms the purpose of the interview, which

they generally already knew. My interpreter/RA would then take over, though as the year progressed and

my language skills improved, I proceeded to ask more questions directly and not ask for interpretation of

their responses. Nearly all interviewees consented to having their interviews recorded, and for these, I hired

an RA, often different from the original interpreter, to go through and transcribe and translate the entire

interview. Lastly, I coded the interviews with MAXQDA qualitative data analysis software to identify com-

mon themes and illustrative passages worth quoting. Interviewees were promised anonymity, though many

gave permission to be named, and were not offered compensation beyond the tokens of hospitality mentioned

above.

The interview in Svetlana Broz’s collection data from 1995-1998. Broz had originally collected a book’s

worth of interviews during the war itself. Nearly all of her original recordings and transcripts were stolen,

however, forcing her to return to Bosnia and begin anew with different interviewees. Bosnians sometimes

assumed that, as an American, I would be more sympathetic to the Muslim perspective than the Serb, due to

the US-led interventions in Bosnia and Kosovo on behalf of Muslim populations. Broz may have encountered

the opposite perspective, being from Serbia, but if interviewees knew she was the granddaughter of Yugoslav

leader Marshal Josip Broz Tito, they might have perceived her as anti-nationalist and pro-unity. And while

some individuals may forget or distort details over time, the passage of years can also make some more

willing to open up about particularly painful incidents or see them through a more detached, less emotional

lens. As someone from the region, Broz was almost certain to pick up nuances that I was unable to pick up,

even with the help of my interpreters. Yet at the same time, being an outsider offers its own advantages, at

times making interviewees less fearful of being judged or betrayed. While none of differences between Broz

or me confer a universal advantage with every interviewee, they do offer a complementary perspective and

comparing her interviews with mine can help achieve a fuller picture of phenomena at hand. It is striking

that only a quarter of Broz’s initial interviewees asked for anonymity, and by the third printing of the book,

half of those individuals had asked to have their names printed (Broz 2004, xl).20 Similarly, interviewees

frequently cut me off as I was going through the oral consent process to say they didn’t care or were proud

to have their names used.

RDC originally identified 204 such stories over the course of 2007-9 from newspapers, books, archives,

and previously collected testimony, and then worked to identify potential interviewees. Their team managed

to interview 69 individuals and contacted another 56 who refused to go on the record, in many cases because
19The name of this language is politically fraught. Bosnian, Serbian, and Croatian are all mutually intelligible and in some

regions have more internal variation in dialects than there is variation between them. Linguists do not have a strict definition
as to what constitutes two dialects versus two languages.

20This observation was made by Laurie Kain Hart, editor of the 2004 U.S. edition.
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they feared reprisals if their community found out they had helped “the enemy.”

Finally, I draw on a collection of writings by refugees compiled by a joint American-Serb-Croat-Bosniak

team of editors in 1995 while the war was still going on (Mertus et al. 1997). While not all of the stories are

about assistance, the frequency with which it comes up suggests that such incidents were commonplace. The

collection introduces yet one more valuable perspective: that of interviewees who have not been prompted

or primed to tell positive stories.

D Outcome Variable Details

21 The categories of assistance read aloud were as follows (I have added the variable names in italics):

1. Provisions: Food, Money, Medicine, or Supplies

2. Documents: Diploma, ID, or other important documents

3. Shelter: A place to live or a place to hide

4. Transport: Transportation to a safer place or to get medical treatment

5. Warning: A warning that they were at risk of being arrested or attacked

6. Intervention: Prevented armed men from arresting, hurting, or killing someone

Some individuals helped in ways that do not fall into any of these categories. However, due to the variation in

what respondents believe constituted “assistance,” it did not seem useful to have an open-ended category.22

D.1 Model Selection and Robustness

Given the number of variables introduced in the Sections 4.5–4.6, the modeling choices available are con-

siderable. For many types of studies, the best practice is for the researcher to preregister what models she

plans to fit ahead of time in order to prevent herself from only reporting those models which are significant

(p-hacking) or choosing which models to test based on which earlier models show promise in such a way that

leads her to chasing after spurious results ( Gelman and Loken (2013)’s “garden of forking paths.”) However,
21Those who were not also had a follow-up question so as not to incentivize answering “no” as a way to speed up the survey.

About a third of respondents who said “yes” named someone from their own group. It’s not exactly clear what to make of
this discrepancy; it seems likely that respondents missed the “different ethnic group” part of the question. In any event, these
responses were excluded from the analysis. All respondents who answered affirmatively were later asked for details about one
of the helping incidents, and their responses suggest that the main premise of the question was not lost on them.

22For instance, one category that came up in the qualitative interview that I did not include in the survey was safeguarding
the property of those who had fled. It seems plausible that some respondents who had engaged in safeguarding wouldn’t think
to mention it while others would; thus, the proportion of positive responses for a category without a clear definition of the
phenomenon being asked would not be interpretable.
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for an exploratory project such as this where baseline estimates do not exist and hypotheses have yet to be

developed, preregistration can prove too constraining to allow the development of new theories and reason-

able hypotheses to test. Therefore, I make do with the second-best option: propose models that correspond

to well-developed theories and then choose among them in a principled and systematic way. Prior literature

about Holocaust rescuers and high-risk activism do suggest what variables to test; however, with only 100

individuals in my sample, my data is too underpowered to test all those variables simultaneously. Therefore,

I turn instead to an automatic model selection algorithm to select an ensemble of models optimized to meet

a certain criterion.

Figure 13: Results of a genetic algorithm for model selection. Terms with a weight higher than 0.8 were chosen for
the final model to use in the paper.

Because my outcomes for assistance are all binary, I settled on running a logistic regression. The

glmulti package in the R programming language allows for the automated selection among generalized

linear models. The glmulti function starts with a user supplied list of variables and randomly tests different

combinations of them, ranking each resulting model according to an information criterion such as the AIC,
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BIC, etc. The goal is to simultaneously maximizing explanatory power while avoiding overfitting (Calcagno

2010). I set up the glmulti to optimize according to the AICc (Akaike Information Criterion corrected for

small samples), which is recommended for logistic regressions on samples of this size. One major advantage

of glmulti is that the function returns not just the best model but the top n models (in my case 100). The

function assigns each variable an importance score, which is the overall number of top models the variable

appears in, weighted by each model’s AICc (see Figure 13). Thus, I am able to see which variables are

robust to slight perturbations in model specification, avoiding those for which the evidence is not compelling.

Fortunately in my case, there was clear separation between the variables with high importance scores and

low ones. Because I interested in the effect of the network-related variables list in Section 4.5, I included only

one on such predictor in each model,23 and let the algorithm choose the control variables. As it happened,

the predictor in interest was nearly always included; when it wasn’t, I added it anyway to confirm there were

null effects. For each of these predictors, I ran the search process separately for each outcome (help, gave

help, received help), though the variables selected for the help and gave help outcomes were identical across

all sets of models.

For robustness checks, I compared the results of the best model I had chosen with the weighted average

of the top 100 models the algorithm returned. In most cases, the predictor of interest had about the same

significance and effect size in both. In the case of outgroup names, I also tried manually adding in sets

of predictors sequentially and noted that the coefficient estimates remained stable and continued to be

significant until I reached approximately 20 variables at which point the model became too underpowered

for nearly anything to have p-value of less than 0.05. Even in the full model with all 24 predictors, however,

the coefficient estimate for outgroup names scarcely changed. I also compare the outcomes under different

types of robust standard errors (HC1, HC2, and HC3) and with probit regression. Results are generally

robust to these changes and are available upon request.

E Measurement of Prewar Ties

E.1 Survey Questions

While the names in the identity roster were chosen to avoid ambiguities in which ethnic group each name was

associated with, the name generator enjoyed no such advantage since names were supplied by the respondents.

To assess the accuracy of our name classification, I had a second team of Bosnian research assistants belonging

to a different ethnic/religious group code the reported names as well. Intercoder reliability was 80–82%
23Except in the case of the tie strength analysis where it made sense to compare strong and weak ties against one another.
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Identity Roster Results for Ingroup and Outgroup Names Identified

Figure 14: Distribution of responses for the identity roster survey question: “For each name I list, please tell me
if you knew someone by this name before the war.” All 100 respondents saw the same list of 30 names, including
10 associated with their own religion/ethnicity and 20 associated with the other two groups. Percentages of names
identified are shown for every respondent in both columns as a scatter plot with estimates and 95% confidence
intervals for the population means superimposed.

depending on how I resolved ties between names belonging to multiple groups, and of the 564 unique names,

the two teams were unable to classify only 14 and 4 names, respectively. Counts based on my second coder’s

classifications led to nearly identical results, with an ingroup mean of 6.15 (versus 6.16) and an outgroup

mean of 4.73 (versus 4.67). The results of the identity roster and the name generator questions point to

the same finding: prewar Bosnians displayed strong ethnic/religious homophily (the tendency to forge ties

within one’s own group), but still have a substantial number of cross-group ties. This finding lines up with

almost all secondary sources and, furthermore, indicates that identity rosters can be a valid instrument for

measuring homophily in this context.

The total number of alters identified though the identity roster and name generator are correlated,

though not so strongly as to be redundant (r ⇡ 0.43). Interestingly, the correlation is actually stronger

for outgroup names (r ⇡ 0.55) despite there being less data with only 20 roster names instead of 30 to

choose from. This begs the question of what exactly we are measuring in each case. The identity roster

asked respondents if they knew someone by that name well enough that they would have greeted each other,

a fairly low bar for tie strength. The type of relationship was not specified. The name generator asked

explicitly for “friends” and further stipulated that they should be friends whom the respondent had “felt

close to or spent a lot of time socializing with” before the war. Thus, we might expect a stronger correlation
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Cumulative Histogram of Intermarriage Rate by Township

Figure 15: Each point represents a township, and its coordinates should be read as follows: y% of the population
lived in townships where no more than x% of families were ethnically mixed.

when we subset the identity roster names by tie type (respondents were asked in a follow-up question which

of the names they had said yes to were relatives, friends, close friends, or acquaintances). Yet the correlation

becomes weaker when we omit acquaintances, dropping from r ⇡ 0.43 to 0.31. While this may be due solely

to the increased noisiness of the data, it is important not to discount the fact that these two questions

measure closeness in different ways and, thus, may correspond to somewhat different phenomena.

E.2 Intermarriage Statistics

To measure intermarriage, I report percent mixed families based on what proportion of two-parent nuclear

families included more than one ethnic group.

Based on marriage registration records, Botev (1994) reports that new marriages between persons of

different ethnicities fluctuated between 9.5% and 12.2% over the 30 years prior to the war with no consistent

upward or downward trend. In this regard, Bosnia mirrored the other Yugoslav republics which collectively

exhibited an exogamy (intermarriage) rate 1-2 percentage points higher. As mentioned in the text, the

intermarriage rate I found using the 1991 census data was lower: 7.8%. There are a number of ways to

explain this discrepancy, including unregistered marriages being more common in rural, highly traditional

settings with a strong endogamous preference. This theme came up in discussions with local registrars

during my trips to collect data from marriage records in rural municipal offices across Bosnia. However,
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Botev (1994) contends, and I am inclined to agree, that such marriages were rare enough in the socialist

period not to exert a substantial bias. Couples who married before 1962, when Botev’s data begins, may

have been less likely to intermarry, owing to greater religiosity prior to Tito’s socialist regime and bitter

ethnic resentments in the decade following WWII. Another possibility is that exogamous marriages result

in a higher divorce rate and divorcées are reluctant to marry outside their group the second time around.

However, the most likely explanation among couples who declared different ethnicities at the time of their

wedding was that one spouse (most likely the woman) later adopted the other’s ethnic identity, at least for

the purposes of the 1991 census. Nevertheless, the gap is not large.

E.3 Residential Integration

To capture residential integration, I calculate the exposure (McDoom 2014b), a statistic which measures

the probability that random encounters between two people will bring together members of two different

groups. The assumption here—patently false, but a decent proxy for what I seek to measure—is that every

person has an equal chance of encountering every other person in their precinct. I then aggregate this

up to the township level, taking the mean weighted by each precinct’s total population (I also report the

exposure level for each precinct prior to aggregating). While this regrettably ignores the spatial relationships

among precincts, particularly in an urban setting, this dimension is less of a concern in rural villages where

most people’s day-to-day interactions are with people from their own precinct. Finally, I report non-private

housing, a variable which captures the percent of residents in each municipality living in government or

company-provided homes.

F Resistance

My survey posed the following question to respondents, which I argue creates a reasonable baseline estimate

of how widespread such efforts may have been:

In some communities, there were organized efforts to protect members of a different ethnic group.

For instance, there may have been local leaders who told militia commanders their neighbors were

not a threat and should be left alone or groups of citizens who worked together to defuse ethnic

tensions. Do you know if any attempts like this were made in your community?

Respondents were only shown this question if they reported that their community before the war

contained people from other ethnic groups, so again, one’s definition of “community” enters into the picture.
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